559 i N FooE Vol.48 No.9
2020 49 H ACTA ELECTRONICA SINICA Sep. 2020

T ] ] 2 7 e XA 00 1 P 2R 2GR

]T,ij:\ ;‘%‘1,2,-7]%{ é}\‘él,z,ﬂ &*l,z’ﬁi%\?‘j’—,_l,z
(LR R S5 S A IR P SIS LRIA T 230601 5 2. ZRIORFIHRHURRE SHAR B A T 230601 )

W OE: BRI R 7 vk A 2 T e 0 ) 5 R, SRS 6T s AT R IRA AL A 2 .
SR 28 B Y SR ISR AE SR ST s il T, A3 B S5 A AN R PR IR AL X B . 48 18 — Rl R SR 2B 32 5500 0%
R T A X R 43 S5 R B S ey o5 ) 5 23 (W) P AT BN R A A 25 O 5 SRS AR A 25 PO B IR R AR
9 7 BB RSV S B 55 A8, A 1) 1 ] TP R U 5 S5 Ja X R a5 1 S R R 4345 B IX S5 4. 7 24 LG
FLSCHRZE M (0 S22 B, T Hh 1 09 AT DA 2 E A 3R A IX 4521

KR HXEW; BRR; BE; RS

RESES:  TP391 XERFRIRAS: A XEHS:  0372-2112 (2020)09-1680-08

HFF3# URL: hitp://www. ejournal. org. cn DOI: 10.3969/j. issn. 0372-2112.2020. 09. 003

A New Clustering Cover Algorithm Based on Graph
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Abstract: Community detection based on graph representation learn nodes’ vector representation,and then communi-
ties are obtained by clustering algorithm. However, when classical clustering algorithms often fail to reflect the characteristics
of communities. Cluster cover algorithm (CCL) is proposed. CCL clusters nodes’ vector into covers. A cover is viewed as a
community. Firstly,the cover center of each cluster is calculated in the node vector space. Then,according to the average dis-
tance among the cover center and the same class samples as the cover radius,a cover is formed in the vector space. Finally,
the nodes outside the covers are grouped into suitable cover to obtain community structure. Experiments with real and non-re-
al tag networks show that the algorithm can get more reasonable community results.
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